
1 
 

Stock Market Estimation by Employing 

Artificial Neural Network and Machine 

Learning Techniques 
Dr. Priti Maheshwary, Dept. of Computer Science and Engineering 

Rabindranath Tagore University, Bhopal 
Abstract: In this paper, the capacity of Artificial Neural Networks (ANN) to estimate the stock 

market value in India is examined with and without demonetization. In addition to volatility 

and capitalization, nine stocks are grouped. “Levenberg-Marquardt algorithms” is employed to 

train multi-laying neural networks, tangent sigmoid concealed layer transfer function, and 

linear input layer transfer function. 

Keywords: Indian stock market; ANN; Levenberg-Marquardt algorithm; Demonetization 

INTRODUCTION 

Spontaneous walking conduct in stocks leads the study of stock markets distinctive. In studying 

some phenomena, it is difficult owing to the complex complexity of these phenomena to create a 

statistical model to represent nonlinear relationships among entry and return parameters. The 

valuation of securities traded stocks are affected by inner and external variables. Internal 

variables are the projected revenue of the business and shifts in its framework. At present stock, 

rates are predicted as the major problems of the stock market. Stock pricing and inventory 

movement are commonly used for predicting Vector Machines (SVMs) and Artificial Neural 

Networks (ANN). The training models for every module are predicted. The Artificial Neural 

Network (ANN) is a common technique that includes technological analyzes for financial sector 

projections. 

LITERATURE REVIEW 

In 2017,[1] assessed sequence results and simultaneous approaches for the accuracy of ARIMA 

and MLP. Because of its diverse existence, artificial neural networks were commonly used to 

address many issues[2][3]. Many papers [4] [5] discussed the motion of stock price indexes with 

Artificial Neural Network (ANN) and Support Vector Machine (SVM) designs. The finest 
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modeling of the Neural Network Trend Time Series was explored in papers [6], [7]. They used 

four distinct methods, i.e., fresh information, fresh information with a moment matrix, trending 

and differentiating models for the modeling of distinct types of trends. Another paper 

[8][9]employed 27 financial and economic variables as outputs to feed-forward neural networks 

to predict the path of Standard & Poor's 50. The autonomous, [10], [11] noiseless parts were used 

as outputs for economic time series forecasting aid vector regression. 

 

PROPOSED SYSTEM 

The proposed architecture comprises of k amount of parts, each cell comprises of n amount of 

neurons or handling systems starting from 1. The first part includes three cells (depending on the 

number of entry factors).  The layer which recognizes feedback from outside setting called input 

layer and distributes it, with no modification, to the first concealed coating or to the first medium 

coating. Intermediate strata are also called concealed levels because they are weakly linked to the 

outside world. The Levenberg Marquardt (LM) algorithm, a modification of the Gaus-Newton 

Technique and the steepest downward technique, trains an artificial neural network in the 

presented paper. Training, screening and verification data sets are available from online 

repository sites.  The stocks are divided into the tiny cap, medium cap, and big cap. 

RESULTS 

During training, of the proposed system the quantity of neurons present in hidden layers is 

speckled to understand the relationship among the quantity of neurons and presentation in terms 

of “Mean Squared Error (MSE)”. As illustrated in Table 1, MSE changes little and is compatible 

with a difference in the number of neurons by 10pow(-6). 
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Table 1 Mean Squared Error (MSE) versus neurons for all data sources throughout training 

 

 

CONCLUSION 

Demonetization has a major effect on stock market values as shareholders begin to remove assets 

from inventory in the brief run, resulting in elevated unpredictability. The acquired regression 

scores are 0.999, reflecting the increase of the suggested network efficiency. The network 

suggested here in the paper forecasts the closed daily price and works best for heavy competitive 

market conditions. 
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